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More than the Sum of it's Parts:
Single-Cell Multi-omics Applications
IN Cancer Research

Maren Buttner
Calico Life Sciences
San Francisco, CA
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Regression of Ecosystem Properties:

Bias, Monotonicity, & Uncertainty

Christian Igel
University of Copenhagen
Copenhagen, DN
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Mathematical Conjecture Generation

using Machine Intelligence

Challenger Mishra
University of Cambridge
Cambridge, UK
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ML for Quantum Chemistry

Klaus-Robert Muller
Technical University Berlin
Berlin, DE
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Models of Data for Machine Learning

Robert C. Willlamson
University of Tubingen
Tubingen, DE
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Deep Learning only works If its
Bayesian, & Bayesian Deep Learning
IS Easy

Philipp Hennig

University of Tubingen,

Max Planck Institute for Intelligent
Systems

Tubingen, DE
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Machine Learning and Stochastic
Models

Carl Henrik Ek
University of Cambridge,
Cambridge, UK
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Adjoint-added Inference for
Latent Force Models

Richard Wilkinson
University of Nottingham
Nottingham, UK
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Efficient & Robust Optimization
Models for Trained Binarized Deep
Neural Networks

Bubacarr Bah

Medical Council Unit The Gambia,
London School of Hygiene & Tropical
Medicine
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Equivariant Convolutions with Tensor
Images

Wilson Gregory
Johns Hopkins University
Baltimore, US
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Collaborative ML for Science

Samuel Kaski
University of Manchester,
Aalto University
Manchester, UK,
Espoo, Fl
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Beyond Simulation- Based Inference

Jakob Macke
University of Tubingen
Tubingen, DE
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Experiment Design as Sequential
Instrument Selection

Niki Kilbertus
Technical University of Munich
Munich, DE
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Climate Change
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Practical Al Challenges for Earth and
Sustainability

Markus Reichsteln
Max Planck Institute for
Biogeochemistry

Jena, DE
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Machine Learning for Uncovering
Hidden Relationships & Improving
Predictions in the Couples Earth
System Models

Christian Reimers &

Alexander Winkler

Max Planck Institute for Biogeochemistry
Aachen University
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